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WELCOME!
We hear the term Machine Learning everywhere.
What is that? Why has it become so popular? In
this new issue of ASCII we will be delving into the
field of Machine Learning and will be answering all
such questions. 
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Department of Computer Science and Engineering

Mission

To be acclaimed internationally for excellence in teaching and research in Computer Science & Engineering, and in fostering a culture of
creativity and innovation to responsibly harness state-of-the-art technologies for societal needs.

The Computer Science & Engineering Program graduates will
PEO1: Strive on a global platform to pursue their professional career in Computer Science and Engineering.
PEO2: Contribute to product development as entrepreneurs in inter disciplinary fields of engineering and technology. 
PEO3: Demonstrate high regard for professionalism, integrity and respect values in diverse culture, and have a concern for society and
environment.

Mission 1: To  assist  students  in developing  a strong foundation in Computer Science and Engineering by providing analytical,
computational thinking and problem solving skills.
Mission 2: To inculcate entrepreneurial skills to develop solutions and products for interdisciplinary problems by cultivating curiosity,
team spirit and spirit of innovation.
Mission 3: To   provide opportunities for   students to   acquire   knowledge of   state-of-the-art in Computer Science and Engineering 
through industry internships,   collaborative   projects, and   global   exchange programmes with Institutions of international repute.
Mission 4: To develop life-long learning, ethics, moral values and spirit of service so as to contribute to the society through technology.
Mission 5: To be a premier research-intensive department by providing a stimulating environment for knowledge discovery and creation.

Vision

 Programme Educational Objectives (PEOs)

Programme Outcomes and Programme Specific Outcomes

PO1: Engineering knowledge: Apply the knowledge of mathematics, science, engineering fundamentals, and an engineering
specialization to the solution of complex engineering problems.
PO2: Problem analysis: Identify, formulate, review research literature, and analyze complex engineering problems reaching
substantiated conclusions using first principles of mathematics, natural sciences, and engineering sciences.
PO3: Design and development of solutions: Design solutions for complex engineering problems and design system components or
processes that meet the specified needs with appropriate  consideration for the public health and safety, and the cultural, societal, and
environmental considerations.
PO4: Conduct investigations of complex problems: Use research-based knowledge and research methods including design of
experiments, analysis and interpretation of data, and synthesis of the information to provide valid conclusions.
PO5: Modern tool usage: Create, select, and apply appropriate techniques, resources, and modern engineering  and IT tools including
prediction and modeling to complex engineering activities with an understanding of the limitations.
PO6: The engineer and society: Apply reasoning informed by the contextual knowledge to Assess societal, health, safety, legal and cultural
issues and the consequent responsibilities relevant to the professional engineering practice.
PO7: Environment and sustainability: Understand the impact of the professional engineering solutions in societal   and environmental
contexts, and demonstrate the knowledge of and need for sustainable development.
PO8: Ethics: Apply ethical principles and commit to professional ethics and responsibilities and norms of the engineering practice.
PO9: Individual and team work: Function effectively as an individual, and as a member or leader in diverse teams, and in
multidisciplinary settings.
PO10: Communication: Communicate effectively on complex engineering activities with the engineering community and with society at
large, such as, being able to comprehend and write effective reports and design documentation, make effective presentations, and give and
receive clear instructions.
PO11: Project management and finance: Demonstrate knowledge and understanding of the engineering and management principles
and apply these to one’s own work, as a member and leader in a team, to manage projects and in multidisciplinary environments.
PO12: Life-long learning: Recognize the need for, and have the preparation and ability to engage in independent and life-long learning in
the broadest context of technological change.
PSO1: Adopt Standard Practices: Ability to design and engineer, innovative, optimal and elegant computing solutions to
interdisciplinary problems using standard practices, tools and technologies.
PSO2: Research and Innovation: Ability to learn emerging computing paradigms for research and innovation
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Machine learning is  a  branch of  art i f ic ia l  intel l igence that  equips the machine to

automatical ly  learn,  correct  i ts  mistakes,  and improve from i ts  own experience

with minimal  human intervent ion.  The a lgor i thm used for  machine learning makes

predict ions or  decis ions without  being programmed to do so.  The pr imary a im is

to a l low computers  to learn automatical ly .  

A  large number of  organizat ions l ike YouTube,  Google ,  and Amazon,  implement

machine learning for  day-to-day tasks ,  which helps in  growing their  business.

Machine learning is  s igni f icant  as  i t  g ives a  perspect ive on patterns in  c l ient

conduct  and business funct ional  examples,  and supports  the improvement of  new

products .  Machine learning has become a s igni f icant  competi tor  di f ferent iator  for

many organizat ions.

Machine learning and i ts  appl icat ion in  big  industr ies  have drast ical ly  changed

over the years.  I t  was implemented in actual  pract ice from the mere hypothesis

that  computers  could learn without  being further  modif ied,  to  perform expl ic i t

undertakings;  and further  researches were conducted to check i f  computers  can

learn from data.  The i terat ive part  of  machine learning is  s igni f icant ,  taking into

account that  the conf igurat ions of  the computer  could freely  adjust  when they are

presented with new information.  They could grasp patterns from past  calculat ions

to del iver  dependable,  repeatable choices and results .  I t 's  a  sc ience that  is  not

new – however ,  i t  has evolved into something more eff ic ient . 

MACHINE 
LEARNING

WHAT IS ML?

 

BY AKSHARA S NAIR

(CB.EN.U4CSE19407)  CSE -  E  
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1. Amazon has reduced
‘click to ship’ time
down to 15 minutes.
2. Netflix is investing
heavily to keep users
engaged.
3. Google’s Deep
Learning can benefit
health.
4. €150 billion saved on
healthcare by 2025.
5. Chatbots are
stripped-down AI
programs that mimic
human speech, and
often do rote customer
service work.

 

 

DID YOU KNOW?CLASSIFICATION OF ML
Supervised algorithm:  Supervised learning

algor i thm trains the machine model  under the

guidance of  known /  f lagged /  label led data,  which is

g iven to the model .  Once the Machine Learning

model  has been tra ined,  unseen data can be fed into

the model  to get  a  future response.  Beginning from

the analys is  of  a  tra ining dataset ,  the learning

calculat ion del ivers  an induced capacity  to make

expectat ions about  the output  value.  The model  can

be fed with new data after  adequate tra ining.  The

learning a lgor i thm can l ikewise ver i fy  i ts  output  with

correct ,  expected output  and discover  errors  to a l ter

the model  as  i t  needs to be.

Un-supervised Algorithm:  Un-supervised Algor i thm

is used when the data used is  neither  c lass i f ied nor

f lagged.  In  this ,  the Machine Learning model  is  sel f -

suff ic ient  to learn on i ts  own.  The unlabeled data is

fed into the model  and i t  tr ies  to generate the output

by f inding patterns and relat ionships.  
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Machine learning f inds i ts  appl icat ion in  a lmost  every aspect  of  our l ives ,  for

example in  socia l  appl icat ions l ike Facebook,  Instagram and Twitter .  Machine

learning a lgor i thms can learn and mend on their  own from past  experiences.

Machine learning is  important  because of  i ts  wide range of  appl icat ions and i ts

incredible  abi l i ty  to adapt  and provide solut ions to complex problems eff ic ient ly ,

ef fect ively ,  and quickly .  Over t ime,  i t  can produce highly  precise and accurate

data.

The boundless amount of  accessible  information,  reasonable information

stockpi l ing,  and the development of  more affordable and remarkable handl ing has

impel led the development of  machine learning.  The future of  growing

organizat ions is  secure in  the hands of  Machine Learning as they have the

potent ia l  to  get  things done eff ic ient ly ,  quickly ,  and accurately .  Machine learning

instruments empower these organizat ions to detect  possible  r isks  against  prof i ts .

The sensible  ut i l izat ion of  machine learning dr ive results  which makes a

remarkable inf luence on an organizat ion's  main concerns.  New strategies in  the

f ie ld are advancing quickly ,  extending the ut i l izat ion of  machine learning to

unl imited plausible  outcomes.  Machine learning has been accepted very widely  by

ventures who rely  upon huge amounts of  data that  require a  framework to

dis integrate i t  very prof ic ient ly  and precisely .

 

 

WHY IS MACHINE LEARNING
IMPORTANT?
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“Can machines think”  is  one of  the groundbreaking quest ions that  paved the

seeds of  art i f ic ia l  intel l igence and brought  revolut ionary changes in

computat ional  research.  S ince then,  th is  research area surpr ised us with an

array of  innovat ions.  Today we can think about  computers  as  smart  personal

ass istants ,  expert  decis ion makers ,  creat ive wri ters ,  and even intel l igent

dr ivers .  Most  of  the areas where human cognit ive act iv i t ies  dominated are

now replaced with intel l igent  machines.  In  fact ,  now i t  is  hard to f ind some

appl icat ions without  a  term smart/ intel l igence as a  qual i f ier .  As  a  computer

sc ience enthusiast ,  an interest ing quest ion is  “how are a l l  these possible” .

The answer is  Machine Learning,  (ML)  which makes computers  think and

learn as humans.

Class ic  def in i t ion of  machine learning says ML enables computer  to learn

from experience without  being expl ic i t ly  programmed (Artur  Samuel ,  1957) .

This  was a  paradigm shif t  f rom tradit ional  computer  a lgor i thms which

process data into information.  Current  computers  are try ing to extract

knowledge from the data and make intel l igent  decis ions using this

knowledge.  They learn interest ing patterns from the data and make

predict ions or  decis ions on future unseen data.  I t 's  a l l  about  learning from

the past  and predict ing the future.  A l l  these predict ions are supported by

the mathematical  p i l lars  such as L inear Algebra,  Probabi l i ty  and stat ist ics .

History of  machine learning can contemporate with the history of  Art i f ic ia l

Intel l igence (AI ) .  Ear l ier  models  of  machine learning used logical  and

knowledge representat ions rather  than algor i thms to discover  patterns from

the data.  In  the ear ly  1970s,  machine learning took a separate path as a

training program to solve pract ical  problems of  AI .  Many successful  vector

space and probabi l ist ic  models  were introduced in the 1980s.  The range of

appl icat ions were a lso enlarged from simple computer  games to real - l i fe

appl icat ions.  Fortunately ,  the advancements in  computat ional  technology,

especia l ly  the internet ,  lead to the explosion of  data,  hence the data-dr iven

machine learning appl icat ions.  With the revamp of  art i f ic ia l  neural  networks,

the current  machine learning appl icat ions are completely  overruled by deep

learning models .

A BRIEF NOTE ON MACHINE
LEARNING

DR.MANU MADHAVAN
ASSISTANT PROFESSOR, DEPARTMENT OF COMPUTER SCIENCE & ENGINEERING
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A tradit ional  machine learning a lgor i thm works “ tra ins”  from the data,  where

each data i tem is  descr ibed by a  set  of  handcrafted features.  The qual i ty  of

the ML model  depends on the qual i ty  of  the feature representat ion.  When

ML models  begin to be used in new domains l ike image processing,  text

processing,  b iological  data and so on,  feature engineer ing remains an

expensive chal lenge.  The deep learning models  addressed this  chal lenge by

proposing automatic  unsupervised representat ion learning from data.  The

system processes the data through var ious layers  of  neural  networks,  then i t

f inds the appropriate ident i f iers  to c lass i fy  the required objects .  This

boosted the real - t ime appl icat ions with the abi l i ty  to process mult imedia-

mult id imensional  b ig  data.

Today ’s  ML is  not  only  about  a lgor i thms.  Every facet  of  technology and l i fe

changed with the development of  ML.  GPU based computing becomes a

necessi ty  to adhere with the complex deep learning models .  Companies are

now focusing on deep learning enabled hardware and intel l igent  processors.

Due to the popular i ty  of  ML appl icat ions,  most  of  the c loud providers  are

now ready with ML/AI  components.  Researchers combine ML and IoT for

intel l igent  real - t ime models .  Latest  neural  language models  make the

language based appl icat ions more natural .  Massive data mining using ML

tools  enables personal ized suggest ions of  news,  advert isements ,  music ,  food

and even medic ines.  ML models  can now recreate the history ,  translate the

inscr ipt ions and do a lot  to preserve our her i tage.  They can provide ass ist ive

technology for  those suffer ing from disabi l i t ies .  More and more,  they l ight

up some miss ing l inks in  our imperfect  understanding of  l i fe .

REFERENCES:
1.  A.  M.  TURING, I .—COMPUTING MACHINERY AND INTELLIGENCE,  Mind,  Volume LIX,  Issue 236,
October 1950,  Pages 433–460,  https://doi .org/10.1093/mind/LIX.236.433
2.  Alyse Falk,  Deep Learning vs Machine Learning:  what’s  the difference,
https://www.computer.org/publications/tech-news/trends/deep-learning-vs-machine-learning-
whats-the-difference 
3.  K D Foote,  A Brief  History of  Machine Learning,  https://www.dataversity.net/a-brief-history-of-
machine-learning/
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DATA IN ML

Data :  It can be any unprocessed
fact, value, text, sound or picture
that is being interpreted and
analyzed. Data is the most
important part of Data Analytics,
Machine Learning and Artificial
Intelligence. Without data, we can’t
train any model and all modern
research and automation will go
vain. Big enterprises are spending
loads of money just to gather as
much data as possible.

Splitting Data

Volume :  Scale of Data. With growing world
population and technology at exposure, huge data is
being generated each and every millisecond.
Variety : Different forms of data – healthcare, images,
videos, audio clippings.
Velocity : Rate of data streaming and generation.
Value :  Meaningfulness of data in terms of
information which researchers can infer from it.
Veracity :  Certainty and correctness in data we are
working on.

Training Data:  The part of data we use to train our

model. This is the data which the model actually sees

(both input and output) and learn from.

Validation Data:  The part of data which is used to

adjust a model, fit on training dataset along with

improving involved hyperparameters.

Testing Data:  Once our model is completely trained,

testing data provides the unbiased evaluation.

Properties of Data

BY V.NITHIN KRISHNA (CB.EN.U4CSE1960)  CSE -  D

PAVANI G (CB.EN.U4CSE1944)  CSE -  D
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There is  l i t t le  doubt that  machine

learning has become one of  the most

powerful  technologies in  the last  decade.

The emphasis  on “ learning”  in  machine

learning a l lows computers  to make

better  and better  decis ions,  based on

previous experiences.

Advances in  this  technology have

al lowed for  recent  breakthroughs that

promote faster  and more eff ic ient

business intel l igence,  us ing abi l i t ies

ranging from facia l  recognit ion to

natural  language processing.

Machine learning programs can be thought  of  as  indiv idual  components ,  or

subprograms,  of  AI  that  can operate independent ly .  The goal  of  true art i f ic ia l

intel l igence (a  computer  or  program that  thinks and communicates l ike a  human

being)  has not  yet  been achieved.  However ,  indiv idual  machine learning programs

have been tra ined to specia l ize in  performing certain tasks that  are quite  useful .  For

a var iety  of  reasons,  machine learning is   often referred to as  AI .  Combinat ions of  a

wide var iety  of  machine learning programs,  act ing as subprograms,  have the

potent ia l  to  support  the goal  of  true art i f ic ia l  intel l igence.

Machine Learning in Education
Advances in  ML & AI  are enabl ing teachers to

real ize a  far  better  understanding of  how their

students are progressing with learning.

ML & AI  wi l l  make big  and posit ive changes in

educat ion helping students to enjoy the tra ining

process and have a far  better  understanding

with their  teachers.  Students wi l l  not  feel

apprehensive towards their  teachers and be

fr ightened of  being judged.

 

APPLICATIONS OF MACHINE LEARNING

MACHINE LEARNING IN EVERYDAY LIFE
BY DHARUN NARAYANAN L K (CB.EN.U4CSE19318)  CSE -  D

ASHWANTH K (CB.EN.U4CSE19305)  CSE -  D
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Teachers can use machine learning to check how much of  lessons students are able

to consume,  how they are coping with the lessons taught  and whether they are

f inding i t  too much to consume.  Of  course,  th is  a l lows the teachers to help their

students grasp the lessons.  Also,  prevent  the at-r isk  students from fal l ing behind or

even worse,  dropping out .

Search engines re ly ing on machine learning to improve their  serv ices is  no secret

today.  Implementing these,  Google has introduced some amazing serv ices such as

voice recognit ion,  image search and many more.

Machine learning in Search Engines

Google serv ices l ike i ts  image search and translat ion tools  use sophist icated machine

learning which permit  computers  to ascertain,  l is ten and speak in  much an

equivalent  way as human do.

Machine learning is  that  the term for  the present  innovat ive appl icat ions in  AI .  How

they produce more interest ing features is  what  t ime wi l l  te l l  us .
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Pat ients  are set  to prof i t  the most  because the technology can improve their

outcome by analyz ing their  health records and choosing the best  treatment for  them.

This  appl icat ion has remained a hot  topic  for  the last  three years.

Several  promising start -ups of  th is  industry  are gear ing up their  ef fort  with a  focus

on healthcare.  These inc lude Nervanasys (acquired by Intel ) ,  Ayasdi ,  Sent ient ,  Dig i ta l

Reasoning System, among others.  Computer  v is ion is  most  s igni f icant  contr ibutors  in

the f ie ld of  machine learning which uses deep learning.  I t  is  an act ive healthcare

appl icat ion for  ML Microsoft ’s  InnerEye in i t iat ive.  That  started in  2010,  is  current ly

working on image diagnost ic  tool .

The foremost  common healthcare use cases for  machine learning are automating

medical  b i l l ing,  c l in ical  decis ion support  and therefore the development of  c l in ical

care guidel ines.

More important ly ,  sc ient ists  and researchers are using machine learning (ML)  to

churn out  var iety  of  smart  solut ions which wi l l  help in  diagnosing and treat ing an

i l lness.

Machine learning,  s imply  put ,  may be a sort  of  AI  when computers  are programmed

to interpret  information without  human intervent ion.

Machine Learning in Health Care
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77% of  devices that we presently use are powered by ML 

A study uncovers that  77% of  devices that  we

present ly  use are ut i l iz ing ML.  From a socia l

event  of  SMART devices over  Netf l ix

proposit ion through products  l ike Amazon’s

Alexa,  and Google Home,  art i f ic ia l  intel l igence

services are procla iming innovat ive solut ions

for  organizat ions and regular  day to day

existences.  The year  2021 is  ready to observe

some s igni f icant  ML and AI  trends that  would

reshape our economic,  socia l ,  and industr ia l

workings.

As of  now,  the AI -ML industry  is  developing at  a  quick rate and gives suff ic ient

advancement scope to companies to br ing the v i ta l  change.  According to Gartner ,

around 37% of  a l l  companies reviewed are ut i l iz ing some type of  ML in their  business

and i t  is  ant ic ipated that  around 80% of  modern advances wi l l  be founded on AI  and

ML by 2022.

Throughout recent  years ,  there have been a few discover ies  in  machine learning and

AI .  Notwithstanding,  a  couple of  organizat ions have so far  been able to apply  those

to accompl ish the essent ia l  business object ives.  With the surge in  demand and

interest  in  these technologies ,  var ious new patterns are ascending during this  space.

S imply  i f  you are a  tech capable or  re lated to innovat ion in  some capacity ,  i t  is

exci t ing to see what  is  next  ins ide the space of  machine learning.

Business Forecasting and Analysis

The Internet  of  Things has been a quickly  developing segment recent ly  with

economic analyst  Transforma Insights  forecast ing that  the worldwide IoT market

wi l l  develop to 24.1 bi l l ion devices in  2030,  producing $1.5 tr i l l ion in  income.

The ut i l izat ion of  machine learning is  progressively  inter laced with IoT.  Machine

learning,  art i f ic ia l  intel l igence,  deep learning,  for  instance,  are now being ut i l ized to

make IoT devices and serv ices smarter  and more secure.  In  any case,  the advantages

go both ways g iven that  machine learning and AI  require enormous volumes of  data

to work effect ively  –  precisely  what  networks of  IoT sensors and devices provide.

TRENDS IN MACHINE LEARNING
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Faster Computing Power

In  an industr ia l  sett ing,  for  instance,  IoT

networks a l l  through a manufactur ing

plant  can gather operat ional  and

performance information,  which is  then

analyzed by AI  systems to improve

product ion system performance,  support

effect iveness,  and ant ic ipate when

machines wi l l  require upkeep.

This  proposes within the coming year ,  a lgor i thmic breakthroughs wi l l  cont inue

aris ing at  an incredible  movement with pragmatic  developments and new problem-

solv ing systems.  Cloud machine learning solut ions are l ikewise pick ing up force as

third-party  c loud serv ice providers  encourage deploying ML algor i thms in the c loud.

Art i f ic ia l  intel l igence can address a  good scope of  inauspic ious issues that  need

f inding ins ights  and making decis ions.  However ,  without  the abi l i ty  to get  a  handle

on a machine ’s  suggest ion,  indiv iduals  wi l l  imagine that  i t  is  d i f f icul t  to  accept  that

proposit ion.  With speci f ic  l ines,  envis ion cont inued growth in  the inter im increasing

the transparency and explain abi l i ty  concerning AI  a lgor i thms.

Art i f ic ia l  intel l igence

analysts  are s imply

c lose to the start  of

understanding the

faci l i ty  of  art i f ic ia l

neural  networks and

the best  approach to

arrange them.

Reinforcement Leaning

Reinforced Learning (RL)  is  a  subset  of  machine learning that  would lead the industry

in the forthcoming years.  I t  is  a  unique ut i l izat ion of  deep learning that  ut i l izes  i ts

own experiences to improve the effect iveness of  captured data.

In  re inforcement learning,  AI  programming is  set  up with var ious condit ions that

character ize what  sort  of  act iv i ty  wi l l  be performed by the software.  Consider ing

dif ferent  act ions and results ,  the software sel f - learns act ions to perform to meet  the

ideal  u l t imate object ive.  An ideal  i l lustrat ion of  re inforcement learning is  a  chatbot

that  addresses s imple user  queries  l ike greet ings,  order booking,  consultat ion cal ls .
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Machine Learning Development

Companies can ut i l ize  RL to make the

chatbot  more ingenious by adding

sequent ia l  condit ions to i t  – ,  for

example,  d ist inguishing prospect ive

customers and moving cal ls  to  the

relevant  serv ice agent .

Some of  the other appl icat ions of  RL inc lude robot ics  for  business strategy planning,

robot  motion control ,  industr ia l  automation,  and aircraft  control .

ADVANCEMENT IN MACHINE LEARNING
Google Cloud AI  Platform Pipelines
Google announced the beta launch of  Cloud AI  P latform Pipel ines,  a  serv ice designed

to deploy robust ,  repeatable AI  p ipel ines a long with monitor ing,  audit ing,  vers ion

tracking,  and reproducibi l i ty  in  the c loud.  Google ’s  p i tching i t  as  a  way to del iver  an

“easy to instal l ”  secure execut ion environment for  machine learning workf lows,

which could reduce the amount of  t ime enterpr ises spend br inging products  to

product ion.

An implant uses machine learning to give amputees
control  over prosthetic  hands

Researchers have been working to make mind-control led prosthet ics  a  real i ty  for  at

least  a  decade.  Unt i l  now sc ient ists  have faced a major  barr ier :  they have not  been

able to access nerve s ignals  that  are strong or  stable enough to send to the bionic

l imb.  Al though i t  is  possible  to get  this  sort  of  s ignal  us ing a  brain-machine

interface,  the procedure to implant  one is  invasive and cost ly .  And the nerve s ignals

carr ied by the per ipheral  nerves that  fan out  from the brain and spinal  cord are too

smal l .

A  new implant  gets  around this  problem

by using machine learning to ampl i fy

these s ignals .  A  study,  publ ished in

Science Translat ional  Medic ine today,

found that  i t  worked for  four amputees

for  a lmost  a  year.  I t  gave them f ine

control  of  their  prosthet ic  hands and let

them pick up miniature play br icks ,

grasp i tems l ike soda cans,  and play

Rock,  Paper ,  Sc issors.
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An AI  breakthrough could signif icantly improve Oculus
Quest rendering power

Researchers at  Facebook's  AI  d iv is ion have come up with a  way to provide

developers with up to 67% more rendering power on mobi le  VR hardware with a

"s imple"  software update.  Of  course,  anything deal ing with the development of  AI

and i ts  implementat ion into pract ical  appl icat ions is  anything but  "s imple" ,  but  the

key here is  that  the current  generat ion of  hardware could see s igni f icant

improvements in  performance through the normal  procedure of  updat ing the system

software.

In a  nutshel l ,  Upload VR unearthed a document from Facebook AI  researchers that

provides a  tangible  way to ut i l ize  a  "super-resolut ion"  a lgor i thm to create a  higher

resolut ion image from a lower resolut ion image.  From a pract ical  perspect ive,  th is

means that  Oculus Quest  games could be rendered at  70% of  their  current

resolut ion,  helping to provide better  framerates and the opportunity  for  more

detai led scenes.  The super-resolut ion AI  a lgor i thm wi l l  then take the lower

resolut ion game and create a  new image that  looks s igni f icant ly  sharper and more

detai led than i t  or ig inal ly  was.  This  ut i l izes  the strengths in  mobi le  processing

architectures to overcome an obvious weakness.
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THE INTERSECTION OF ML & IOT
BY ATHMAKURI V V L N BALARAMACHARYULU,

(CB.EN.U4CSE19105)  CSE B

The Internet  of  Things has been developing these days in  a  great  way

such that  the worldwide IoT market  wi l l  develop to 24.1 bi l l ion devices

in 2030,  producing $1.5 tr i l l ion in  income.  The usage of  machine

learning is  progressively  inter l inked with IoT.  Machine learning,  AI

(Art i f ic ia l  Intel l igence) ,  deep learning,  for  instance,  are now being

ut i l ized to make IoT devices and serv ices smarter  and more secure and

rel iable.  In  any case,  Machine learning requires data of  great  s ize to

work eff ic ient ly  and precisely  IoT sensors and devices provides i t .  In

an industr ia l  aspect ,  for  instance,  operat ional  and performance

information can be gathered from the manufactur ing plant  of  IoT

networks,  which is  then analyzed by AI  systems to improve product ion

system performance,  support  effect iveness and ant ic ipate when

machines wi l l  require upkeep.  Green Horizons project  created by IBM’s

China Research Lab is  an example in  this  case which a ims to control

the pol lut ion levels  to more breathable standards.  In  this  project ,

sensors of  IoT networks col lect  emiss ion data from vehic les ,  pol len

levels ,  a ir f low direct ion,  weather and traff ic  s ignals  and many others ,

and then ML algor i thms play  an important  role  to f ind the best  way to

reduce these emiss ions.  The intersect ion of  ML and IoT can also be

seen in the f ie ld of  Smart  vehic les ,  say for  example sel f -dr iv ing cars

where cars  need to be extremely accurate and al l  the parts  need to

communicate with each other in  mi l l iseconds on the road.  This

indicates and te l ls  how important  the combinat ion of  these

technologies is .  Gartner ,  one of  the g lobal  IT  serv ice management

companies ,  even predicts  that  more than 80% of  enterpr ise IoT

projects  wi l l  use Art i f ic ia l  Intel l igence and Machine Learning by 2022

in some form,  which is  much higher than the 10% of  projects  using i t

current ly .
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Computer  Hardware has grown exponent ia l ly  over  the years providing common men

access to highly  potent  computers.  This  has led to vast  improvements in  the

Art i f ic ia l  Intel l igence disc ipl ine,  the emergence of  Deep Learning is  the pr ime

example of  the same.  Deep learning is  a  data-centr ic  methodology that  requires

high computat ional  capacit ies  to solve problems.  Computer  Vis ion uses the prowess

of  Deep Learning for  var ious modern-day tasks ranging from object  detect ion to

segmentat ion.  We are aware of  a  popular  Snapchat  age f i l ter  that  converts  the face

of  a  young person to an older  vers ion of  h imself ,  a  deep learning network cal led

Generat ive Adversar ia l  Networks (GAN) is  responsible  for  such image generat ions.

The images generated by GANs known as deepfakes is  a  blend of  two words ‘Deep

Learning ’  and ‘Fake ’ .

LIVING IN THE ERA OF
DEEP FAKES

How are Deep Fakes Created

A GAN in the context  of  an image contains two networks Generator  and

Discr iminator ,  generator  generates fake images and a discr iminator  tr ies  to predict

i f  the image is  fake or  real  when provided a mixture of  real  and generated images.

In a  usual  tra ining loop of  GANs,  the generator  eventual ly  outsmarts  the

discr iminator  by generat ing hyper-real ist ic  images.  Thus,  the images generated by

GANs are not  di f ferent iable by a  human unt i l  looked into for  minute detai ls .

Sty leGAN a GAN proposed by NVIDIA research is  capable of  producing high-qual i ty

images of  people that  do not  exist !  A l though tra ining such a GAN is  a  humongous

task,  i t  is  possible  to reproduce such GANs on our personal  computers.  The image

above shows images of  which one is  a  real  person and the other a  person generated

by GAN could you f ind who is  real?

BY AKASH GUNA R.T (CB.EN.U4CSE19302)  CSE -  D
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Deep Fakes –  The Good Part:

Deep Fakes in  general  generate media depict ing scenarios that  are inexistent ,  th is

technology can be used for  var ious image enhancement and restorat ion purposes.

For  instance,  a  GAN could be used to ident i fy  the face of  a  cr iminal  by examining

low-resolut ion secur i ty  camera footage.  Deep Fakes can v isual ize inter iors  of  your

home automatical ly  provided an empty room, Deepfakes can create innovat ive

automobi le  designs,  GANs could restore your old photos dig i ta l ly  and could a lso

color ize them. There are many more ways Deepfakes could be used product ively  in

today ’s  world.  In  the future,  GANs might  a lso be able to generate future events

based on present  data,  imagine being able to upload your sel f ie  to a  GAN and i t

p lays a  v ideo of  your future!  i t ’ s  fasc inat ing,  isn ’ t  i t?

Why Do we need Real-Time Deep Fake Detection?

There have been mult ip le  instances of  Deep Fake v ideos being misused to create

confusion and defame a personal i ty .  A  deepfake v ideo depict ing Obama speaking i l l

of  Trump emerged onl ine,  though i t  was not  intended to defame him i t  could have

been certainly  used for  the same.  The possibi l i ty  of  recreat ing any scenario from a

single picture of  a  person is  scary and could lead to distrust  among people.  A

Pol i t ic ian could conduct  a  campaign to defame his  opponent powered by deepfakes.

Cyber phishing could easi ly  derai l  organizat ions who have secur i ty  issues owing to

the present  COVID s i tuat ion,  a  morphed v ideo of  the CEO asking to transfer  money

to an account was sent  to the CTO of  the company and money was stolen!

Communicat ion between people has become fa ir ly  easy and has a lso increased the

spread of  mis information the emergence of  deep fakes has only  made i t  worse.

Thus,  we need robust  real - t ime Deepfake Detect ion to prevent  people from

bel iev ing mis information.

Fig:  GAN Architecture
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One of  the technologies that  has become popular  with t ime is  Machine Learning.  Now

the quest ion ar ises of  what  is  machine learning ?  Machine is  the study of  computer

algor i thms that  improve automatical ly  through the experience and by the use of  data.

Machine Learning is  the f ield of  study that gives the computer abil ity to learn
without being explicit ly  programmed -  Arthur Samuel

In  the year  1950,  Alan Tur ing who was popular ly  known as Father of  Modern

computer ,  publ ished a landmark Paper on ‘Computer  Machinery and Intel l igence ’ .  This

paper was the start  of  Computer  Intel l igence and later  the term Machine Learning was

coined by Arthur Samuel  in  1959.  Nowadays,  due to the avai labi l i ty  of  bulk  data and

the exponent ia l  growth in  computat ional  power led to an unparal le led surge of

interest  in  the f ie ld of  machine learning.  However ,   From Tech g iants  to smal l

companies every company is  try ing to inc lude Machine Learning in  their  technology to

produce effect ive solut ions.  With rapid developments of  art i f ic ia l  intel l igence (AI )

technology,  the use of  AI  to  mine c l in ical  data has become a major  trend in the

medical  industry .  Recent  appl icat ions of  deep learning in  medical  image analys is

involve var ious computer  v is ion-related tasks such as c lass i f icat ion,  detect ion and

segmentat ion.

S ince the pandemic has arr ived,  there is  a  cr i t ica l  shortage in  qual i f ied and tra ined

paramedics  and medical  doctors  amid this  unrelent ing g lobal  pandemic.  This  is  where

the Deep Learning models  come into the picture.  These models  are incorporated into

medical  imaging and are successful  in  analys ing var ious k inds of  imaging techniques

l ike Computed Tomography (CT) ,  Ultrasound images,  Magnet ic  Resonance Imaging

(MRI) ,  Posi tron Emiss ion Tomography (PET)  and pathological  tests .

 In  recent  t imes Google announced that  i t  is  having a partnership with researchers

and pat ients  to solve real  world health re lated problems.  This  technology is  a

combinat ion of  machine learning and neuroscience to bui ld  a  robust  machine learning

algor i thm into neural  networks which are capable of  mimicking the human brain.

In  addit ion to this  AI  is  being used by healthcare professionals  for  a  better

understanding  of  day to day patterns of  their  pat ients ,  and with this  understanding

they are able to provide better  feedback,  support  and even help them in prescr ibing

the exact  medicat ion result ing in  betterment of  medical  fac i l i t ies .

ADVANCEMENT OF MACHINE LEARNING IN
THE FIELD OF MEDICINE

U SRI  RANGANATH (CB.EN.U4CSE19357)  CSE -  D 
 LOKESH SAIPUREDDI (CB.EN.U4CSE19348)  CSE -  D
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THE INVISIBLE THREAT TO OCEAN

WILDLIFE AND HOW MACHINE

LEARNING CAN HELP
SWETHA MANUKONDA

(CB.EN.U4CSE19355)  CSE -  D

Cl imate change and plast ic  pol lut ion are the biggest  threats  to our oceans and

the aquat ic  l i fe  they sustain.  Bleaching of  coral  reefs ,  generat ion of  toxic  a lgae

and acidi f icat ion of  water  are some of  the direct  ef fects  of  c l imate change

caused by increase in  the oceanic  temperature.  These drast ic  changes in  the

underwater  environment coupled with the massive amounts of  p last ic

discharged into the waters  have adverse effects  on marine l i fe .  Unfortunately ,  in

addit ion to this  ocean wi ld l i fe  faces yet  another threat  -  noise pol lut ion or

acoust ic  pol lut ion.

This  noise pol lut ion is  caused by human act iv i t ies  l ike mi l i tary  sonars ,  o i l

explorat ion and industr ia l  shipping.  Though seemingly  invis ib le ,  these act iv i t ies

produce incredibly  disrupt ive sounds that  have harmful  ef fects  on sea creatures,

with sound waves travel l ing at  speeds 4.3 t imes faster  in  water  than in a ir .

Cetaceans (whales ,  dolphins and porpoises)  re ly  on their  hear ing for  feeding,

breeding,  communicat ion and navigat ion.  Sonar can interfere with these

processes and even displace them from their  habitats .  This  appl ies  to a l l  sea

creatures,  who use sound in one way or  another to survive.  Sonar can cause

hearing loss and internal  b leeding in  whales causing them to lose their  sense of

direct ion and wash up on shore or  in  the worst  possible  case k i l l ing them.

Passive acoust ic  monitor ing (PAM) a l lows us to measure,  monitor  and determine

the sources of  sound underwater .  These tools  enable sc ient ists  to l is ten in  on

the sounds generated by aquat ic  animals  in  their  habitats  through col lected

data or  in  real  t ime.  With computer  a lgor i thms we can then determine animal

presence,  their  behaviours l ike breeding or  feeding,  vocal  act iv i ty ,  habitat  use

and animal  number.  Long term col lect ion of  PAM data could possibly  help us in

ident i fy ing the patterns exhibited by var ious species.  
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Advancements in  technology have s igni f icant ly  reduced the cost  of  data storage

and we f ind ourselves in  a  fami l iar  scenario:  with massive amounts of  data that

would take too long to scour and analyse manual ly  or  even with regular

algor i thms.  That ’s  how machine learning comes into the picture.  ML algor i thms

l ike gaussian mixture models ,  c lass i f icat ion and regression trees and deep

learning are being used extensively  with underwater  acoust ic  data.  Machine

learning has proven to be the economical  approach with better  consistency over

manual  methods.

For  example,  a  deep neural

network model  with mult ip le

layers  can be tra ined over  a

dataset  of  s ignals  from a

part icular  species of  aquat ic

animal  to ident i fy  character ist ics

that  dist inguish i t  f rom other cal ls

or  s ignals .  These s ignals  can

further  be c lass i f ied by the

behaviour they represent  l ike

feeding,  navigat ion or

communicat ion with offspr ing.

Over a  per iod of  t ime we can use

the data to observe patterns and

make conclusions on important

quest ions l ike the whereabouts of

a sea creature during a  part icular

season or  the effect  of

environmental  changes on their

behavior .  

Machine learning models  can be tra ined on not  only  just  acoust ic  data but  a lso

data generated from other sensors l ike cameras,  chemical  sensors and satel l i te

imagery.  The object ive is  to  ident i fy  the locat ions where a certa in species of

aquat ic  animal  may reside (part icular ly  those vulnerable to disrupt ive sounds)

and make observat ions on their  behaviour and migrat ion patterns.  The ins ights

we extract  can be used to help corporat ions and governments make conscious

decis ions on naval  act iv i ty ,  o i l  explorat ion and construct ion projects  to help

protect  and conserve marine l i fe .  
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The ocean is  constant ly  deal ing with the negat ive consequences of  man-made

act iv i t ies .  I t  has s igni f icant ly  reduced the impact  of  c l imate change by absorbing

the excess heat  and CO2 but  at  the cost  of  harming i ts  ecosystems.  The sea has

become a discharge s i te  for  plast ic ,  toxic  waste and other harmful  chemicals  by

the factor ies  of  huge corporat ions.  L i fe  for  sea creatures becomes chaot ic ,

troublesome and even deadly  because of  human act iv i t ies  emanat ing loud

noises.  Using our technological  resources we can learn more about the ocean

and i ts  aquat ic  l i fe  and use that  information to make decis ions that  can help

save our oceans.

S inay is  one such company whose miss ion is  to reduce environmental  impact

whi le  increasing business eff ic iency.  I t  involves col lect ing vast  amounts of  data

and apply ing smart  AI  a lgor i thms based on advanced machine learning.  Their

environmental  modules inc lude air  qual i ty  and water  qual i ty  monitor ing,  a  sea

l i fe  impact  module and an underwater  acoust ics  impact  module that  is  coming

soon.
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Finally it's time for some

recreation!

 Across
2. a question-answering computer system capable of answering questions posed
in natural language, developed in IBM
5. a type of microprocessor designed to accelerate machine vision tasks
6. In addition to neuronal and synaptic state, these type of neural networks
incorporate the concept of time into their operating model
10. the impossibility of listing all the preconditions required for a real-world
action to have its intended effect
14. gauges whether a computer-based synthesized voice can tell a joke with
sufficient skill to cause people to laugh
16. a computer program that plays the board game Go
17. the study of mathematical models of strategic interaction between rational
decision-makers
19. a type of computer software in which source code is released under a license
in which the copyright holder grants users the rights to study, change, and
distribute the software to anyone and for any purpose
20. a computer program or an artificial intelligence which conducts a
conversation via auditory or textual methods

Down
1. a hypothetical point in the future
when technological growth becomes
uncontrollable and irreversible,
resulting in unfathomable changes to
human civilization
3. a multidisciplinary branch of
engineering that focuses on the
engineering of both electrical and
mechanical systems
4. an ensemble learning method for
classification, regression and other
tasks that operates by constructing a
multitude of decision trees at training
time
7. a graphical breakdown of a
question that dissects it into its
different components vertically and
that progresses into details as it reads
to
the right
8. a term used to refer to data sets
that are too large or complex for
traditional data-processing
application software to adequately
deal with
9. a class of algorithms for pattern
analysis, whose best known member
is the support vector machine (SVM)
11. a computational method that
optimizes a problem by iteratively
trying to improve a candidate solution
with regard to a given measure of
quality
12. was a chess-playing computer
developed by IBM
13. a simple form for the many-valued
logic, in which the truth values of
variables may have any degree of
"Truthfulness" that can be
represented by any real number in
the range between 0 (as in Completely
False) and
1 (as in Completely True) inclusive
15. a basic unit of a data structure,
such as a linked list or tree data
structure
18. a technique designed for solving a
problem more quickly when classic
methods are too slow, or for finding
an approximate solution when classic
methods fail to find any exact
solution
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IN CASE YOU WERE
WONDERING WHERE
THE SOLUTION IS
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LOGIC PUZZLES
DHARANEISH V C (CB.EN.U4CSE20315) CSE - D

 
H E Y  F O L K S !  N A M A S T E !  H E R E  A R E  S O M E  L O G I C

P U Z Z L E S  T O  S O L V E  A N D  S H A R P E N  Y O U R  M I N D .
 

L E V E L - 1

 

Each inhabitant of a remote vil lage always tells
the truth or always lies. A vil lager will  give only
a “Yes” or a “No” response to a question a
tourist asks. Suppose you are a tourist visiting
this area and come to a fork in the road. One
branch leads to the ruins you want to visit;  the
other branch leads deep into the jungle. A
villager is standing at the fork in the road.
What one question can you ask the vil lager to
determine which branch to take? 

The question is  “ I f  I  were to ask you whether the r ight branch
leads to the ruins,  would you answer,  yes?”
If  the ruins are that direction,  a truthful  v i l lager wi l l  say yes
(because they would say yes to the hypothetical  question) and
a l iar wi l l  say yes (because in fact they would say no to the
hypothetical  question).
I f  the ruins are NOT in that direction,  the truthful  v i l lager wi l l
say no (because they would say no to the hypothetical )  and
the l iar wi l l  say no (because they would say yes to the
hypothetical ) .

24



L E V E L - 2
An explorer is captured by a group of
cannibals.  There are two types of cannibals—
those who always tell  the truth and those who
always lie.  The cannibals will  barbecue the
explorer unless he can determine whether a
particular cannibal always lies or always tells
the truth. He is allowed to ask the cannibal
exactly one question. 

Explain why the question “Are you a l iar?”  does not work.
If  you ask the Truth Tel ler "are you a Liar?"
The Truth Tel ler wi l l  say "No".
Because he is  tel l ing the truth.  He is  not a Lair .

And if  you ask the Liar,  "are you a l iar?"
The Lair  wi l l  also say "No".
Because he is  ly ing.  He is  a Liar.

I f  they both say no,  you can't  tel l  who is ly ing and who is
tel l ing the truth.

Find a question that the explorer can use to determine
whether the cannibal  always l ies or always tel ls  the truth.

There can be two questions asked.
Are you a cannibal?
"Are you a cannibal?" works because the Truth Tel ler wi l l
tel l  you "Yes" because he is  tel l ing the truth,  he is  a
cannibal .

And the Lair  wi l l  tel l  you "No".  But you know they are al l
cannibal .  So you know he is  ly ing.

Am I  an explorer?
"Am I  an explorer?" works,  because the Truth Tel ler wi l l  say
"Yes".
And the l iar wi l l  say "no".  But you know he is  ly ing,
because he is  a cannibal  not an explorer.
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L E V E L - 3

When three professors are seated in a
restaurant, the hostess asks them: “Does
everyone want coffee?” The first professor
says: “I  do not know.” The second professor
then says: “I  do not know.” Finally,  the third
professor says: “No, not everyone wants
coffee.” The hostess comes back and gives
coffee to the professors who want it .  How did
she figure out who wanted coffee?

I f  the f irst  professor did not want coffee,  then he would know
that the answer to the hostess ’s  question was “no.”  Therefore
the hostess and the remaining professors know that the f irst
professor did want coffee.  Similarly,  the second professor
must want coffee.  When the third professor said “no,”  the
hostess knows that the third professor does not want coffee.

Give a try:  When planning a party,  you want to know whom to
invite.  Among the people you would l ike to invite are three
touchy fr iends.  You know that i f  Jasmine attends,  she wil l
become unhappy if  Samir is  there,  Samir wi l l  attend only i f
Kanti  wi l l  be there,  and Kanti  wi l l  not attend unless Jasmine
also does.  Which combinations of these three fr iends can you
invite so as not to make someone unhappy?

SOLUTION :  Kanti  and Jasmine; Jasmine alone; No one

26



L E V E L - 4

In [Sm78] Smullyan posed many puzzles about
an island that has two kinds of inhabitants,
knights, who always tell  the truth, and their
opposites, knaves, who always lie.  You
encounter two people A and B. What are A and
B if A says “B is a knight” and B says “The two
of us are opposite types?”

(Refer:  https://en.wikipedia.org/wiki/Knights_and_Knavesa) 
(Refer:  What is the Name of this Book? The Riddle of Dracula and
Other Logical puzzles by Raymond Smullyan)

SOLUTION :  Let p and q be the statements that A is  a knight
and B is  a knight,  respectively,  so that ¬p and ¬q are the
statements that A is  a knave and B is  a knave,  respectively.
We f irst  consider the possibi l i ty that A is  a knight;  this is  the
statement that p is  true.  I f  A is  a knight,  then he is  tel l ing the
truth when he says that B is  a knight,  so that q is  true,  and A
and B are the same type. However,  i f  B is  a knight,  then B’s
statement that A and B are of opposite types,  the statement (p
∧¬q) ∨  (¬p ∧  q) ,  would have to be true,  which it  is  not,
because A and B are both knights.  Consequently,  we can
conclude that A is  not a knight,  that is ,  that p is  false.
If  A is  a knave,  then because everything a knave says is  false,
A’s statement that B is  a knight,  that is ,  that q is  true,  is  a l ie.
This means that q is  false and B is  also a knave.  Furthermore,
i f  B is  a knave,  then B’s statement that A and B are opposite
types is  a l ie ,  which is  consistent with both A and B being
knaves.
 
We can conclude that both A and B are knaves.
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S O M E T H I N G  M O R E
I N T E R E S T I N G

The Engl ishman l ives in the red house. 
The Spaniard owns a dog.
The Japanese man is a painter.  
The Ital ian drinks tea.  
The Norwegian l ives in the f irst  house on the left .  
The green house is  immediately to the r ight of the white
one. 
The photographer breeds snai ls.  
The diplomat l ives in the yel low house. 
Milk is  drunk in the middle house. 
The owner of the green house drinks coffee.  
The Norwegian’s house is  next to the blue one. 
The viol inist  drinks orange juice.  
The fox is  in a house next to that of the physician.  
The horse is  in a house next to that of the diplomat.

This is a famous logic puzzle,  attributed to Albert Einstein,
and known as the zebra puzzle.  Wikipedia says that only
2% of the world population is able to solve it.

Five men with different nationalities and with different
jobs l ive in consecutive houses on a street.  These houses
are painted different colour.  The men have different pets
and have different favorite drinks. Determine who owns a
zebra and whose favorite drink is mineral water (which is
one of the favorite drinks) given these clues: 

1.
2.
3.
4.
5.
6.

7.
8.
9.

10.
11.
12.
13.
14.

 [Hint:  Make a table where the rows represent the men and
columns represent the colour of their  houses,  their  jobs,  their
pets,  and their  favorite drinks and use logical  reasoning to
determine the correct entries in the table . ]

There are many similar problems in the name of Zebra
Puzzle and everything have to be solved by similar
approach.

(Refer:  Discrete mathematics and its applications by Kenneth H. Rosen)
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The 

Brain
Bucket

Our student team, Brain Bucket wins the European Urban Mobility Hackathon 2021.

Amrita  Students ,  Gokul  Raj  J ,  VSSK

Chaitanya,  Bavesh Ram S,  and Darshan M

from our School  of  Engineer ing,

Coimbatore campus are the team that  a lso

had a str ing of  super successes in  2020.

This  year  they won the Urban Mobi l i ty

Hackathon 2021 organized by the City  of

Riga,  funded by the European Inst i tute of

Innovat ion and Technology (E IT)  Urban

Mobi l i ty ,  an in i t iat ive of  the European

Union.

This  g lobal  hackathon was held v ir tual ly

from 15 to 17 Apri l ,  2021 and had a pr ize

money of  3000 Euros.  The focus of  E IT

Urban Mobi l i ty  is  to  accelerate posit ive

change on mobi l i ty  to make urban spaces

more l ivable.  The student  team presented

a Smart  head gear that  can be bui l t  on a

modular  approach based on requirements

which can be used by Two-wheeler  Del ivery

Personnel  in  g ig  economy,  motorcycle

users ,  cyc l ists  and chi ldren hoping to br ing

about an improvement in  general  road

behavior  and safety .

Congratulat ions Gokul  Raj  J ,  VSSK

Chaitanya,  Bavesh Ram S,  Darshan M and

faculty  mentor Dr.  Prashant  R Nair .
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AMRITA VISHWA VIDYAPEETHAM, AMRITA SCHOOL OF ENGINEERING,
COIMBATORE

DEPARTMENT OF COMPUTER SCIENCE AND ENGINEERING
B.Tech CSE -  (2017 -  2021)  Batch

 

"Outstanding Project  Award"

Student Roll no  Name Project Title Guide Name

CB.EN.U4CSE17201 

Addala

Sr ikantha

Namratha 

CB.EN.U4CSE17651 

CB.EN.U4CSE17114 
Gal i  Mary

Sanjana 

Rajkumar S  

F lowgramming Mr.  R i twik  M 

CB.EN.U4CSE17430 Kiran S Raj  

CB.EN.U4CSE17326 

CB.EN.U4CSE17421 G.  Ravikumar 

Indra Kumar V 

AI  based

Segmented 

Anomaly 

Detect ion 

Dr.  Pr iyanka

Kumar 

CB.EN.U4CSE17113 G Dinesh Bala j i  

CB.EN.U4CSE17211 

CB.EN.U4CSE17154 
K.V.Sreenivas

Prasad 

Asr i tha

Cherukuri   

Sent iment

analys is  of

Vaccinat ion

for  COVID 19 

Dr.Bagavathi

S ivakumar.P.  

CB.EN.U4CSE17411 

Choda Naga

Srinivasa

Varun 

CB.EN.U4CSE17123 R Kai lash 

CB.EN.U4CSE17152 

CB.EN.U4CSE17136 Nithish C 

S ingam Sai

Manu 

Distr ibuted

Faci l i ty

Locat ion for

Vaccine

Distr ibut ion 

Dr.Vidhya

Balasubramanian 

CB.EN.U4CSE17155 Sreeramji  K  S  



CB.EN.U4CSE17140 Prashanth S.  

CB.EN.U4CSE17158 

CB.EN.U4CSE17129 K.  Sai  Tr inadh 

T.S .S

Bharadwaj  

Body Weight

Est imat ion

using 2D

Body Images 

Ms R.  Aarthi  

CB.EN.U4CSE17109 Lokesh Varma

CB.EN.U4CSE17035 
Konjet i  B V N S

Sumanth 

CB.EN.U4CSE17642 

CB.EN.U4CSE17068 Sr iram 

Nagarjuna G 

Modernized

Recognit ion,

Evaluat ion

System and

Resemblance

of  Image

using NLP,

Image

Processing

and Facia l

Recognit ion 

Dr G.  Jeyakumar

CB.EN.U4CSE17015 Avinash 

On behalf  of  the department of  Computer  Sc ience,  we congratulate the

student  teams and the project  guides for  their  wonderful  team work.
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AMRITA SCHOOL OF ENGINEERING
DEPARTMENT OF COMPUTER SCIENCE AND
ENGINEERING

WORKSHOP ON INTRODUCTION
TO DEEP LEARNING FOR
NATURAL LANGUAGE
PROCESSING 
As part  of  the  M.Tech course  19AI705/18CSE704 Natura l  Language
Prcess ing ,  Dept  of  CSE  organized an onl ine  workshop,  Introduct ion to
Deep Learn ing  for  Natura l  Language Process ing  on 26th  Apr i l  2021 ,
7 :00-9 :00PM through Microsof t  Teams.  Mr .  Pradeep T ,  sen ior  data
analyst  a t  L&T Infotech was  the  resource  person.  The workshop
covered bas ics  of  deep learn ing ,  var ious  DL  models  and
demonstrated the  used of  these  models  for  text  c lass i f i cat ion task .
The workshop was  at tended by  M.Tech s tudents  and facu l ty  members
of  CSE.
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NLP EXPERT TALK - REPORT
As part  of  the  M.Tech course  19AI705/18CSE704 Natura l  Language
Process ing ,  Dept  of  CSE  organized an expert  ta lk  on NLP Pro ject :
From ideat ion to  Product ion was  conducted on 29th  May 2021,  10 :30-
11:30  PM through Microsof t  Teams.  Ms.  Ath i ra  P  M,  senior  ML/DL
Engineer  at  Integra  Sof tware  So lut ions ,  Chennai  was  the  resource
person.  The ta lk  d iscussed industr ia l  perspect ives  of  NLP based
projects  in  var ious  s tages  of  deve lopment ,  f rom requirement  analys is
to  deployment .  The workshop was  at tended by  M.Tech,  B .Tech
students ,  research scholars  and facu l ty
members  of  CSE.
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NEW FACULTY IN DEPARTMENT OF 
 COMPUTER SCIENCE AND ENGINEERING

Dr.Manu Madhavan

Short Biography:
Dr.Manu Madhavan current ly  serves as  Assistant  Professor at  the Department

of  Computer  Sc ience & Engineer ing,  School  of  Engineer ing,  Amrita  V ishwa

Vidyapeetham, Coimbatore Campus.  He completed his  Ph.D.  from the

Department of  Computer  Sc ience and Engineer ing,  Nat ional  Inst i tue of

Technology Cal icut .    

https://www.amrita.edu/faculty/m-manu

Dr.Rimjhim Padam Singh

Short Biography:
Dr.Rimjhim Padam Singh current ly  serves as  an Assistant  Professor (Sr .  Gr . )

in  the Department of  Computer  Sc ience,  Amrita  School  of  Engineer ing,  Amrita

Vishwa Vidyapeetham, Coimbatore.  She did her  doctoral  thesis  on A L ight-

weight  Sample Consensus Based Approach for  Eff ic ient  Change Detect ion in

Video Sequence Images at  V isvesvaraya Nat ional  Inst i tute of  Technology,

Nagpur and received her  Ph.D degree in  2021.  She received her  B.  Tech and

M.Tech Degree from RTM Nagpur Univers i ty  in  2013 and 2015 respect ively .

Her research areas inc lude image and v ideo processing,  motion analys is  and

text  mining.

https://www.amrita.edu/faculty/rimjhim-padam-singh
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Dr.  M.  Anbazhagan

Short Biography:
Dr.  M.  Anbazhagan is  an Assistant  Professor in  the Department of  Computer

Science and Engineer ing at  Amrita  School  of  Engineer ing,  Amrita  V ishwa

Vidyapeetham Univers i ty  –  Coimbatore.  He graduated with both his  Under-

Graduat ion and Post-Graduat ion in  Computer  Sc ience and Engineer ing from

Anna Univers i ty .  He received his  Ph.D.  from the Nat ional  Inst i tute of

Technology,  T iruchirappal l i .  Recommender Systems,  Machine Learning,  and

Deep Learning are his  current  research areas of  interest .  

https://www.amrita.edu/faculty/anbazhagan-m

Short Biography:
Neethu M R ,  current ly  serv ing as Faculty  associate in  the department of

Computer  Sc ience and Engineer ing,  School  of  Engineer ing,  Amrita  V ishwa

Vidyapeetham, Coimbatore.  She received her  B.Tech in  Computer  Sc ience and

Engineer ing from Univers i ty  of  Cal icut  ( Jawaharla l  Col lege of  engineer ing and

technology,  Lakkidi ,  Palakkad) .  And she completed her  M.Tech in  Computer

Science and Engineer ing from School  of  Engineer ing,  Amrita  V ishwa

Vidyapeetham, Coimbatore.  She is  current ly  pursuing her  PhD in Computer

Science and Engineer ing from School  of  Engineer ing,  Amrita  V ishwa

Vidyapeetham, Coimbatore.  Her areas of  research inc lude Information

securi ty ,  Machine learning and Block chain.

https://www.amrita.edu/faculty/neethu-nr

Ms.  Neethu M R
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Dr.  R.  Krishankumar

Short Biography:
Dr.  R.  Kr ishankumar current ly  serves as  Assistant  Professor in  the

Department of  Computer  Sc ience and Engineer ing,  Amrita  School  of

Engineer ing,  Amrita  V ishwa Vidyapeetham, Coimbatore.  Pr ior  to this ,  he

served as a  research fe l low in the junior  and senior  grade by acquir ing funds

from Univers i ty  Grants  Commission India.  He completed his  UG and Ph.D.  in

2014 and 2020,  respect ively .  His  research interest  inc ludes mult i -cr i ter ia

decis ion-making and soft  computing.  He has publ ished papers in  SCIE

indexed journals  with Q1/Q2 ranks.

https://www.amrita.edu/faculty/r-krishankumar

Ms.  Deepika T.

Short Biography:
Deepika T.  current ly  serves as  Faculty  Associate at  the Department of

Computer  Sc ience and Engineer ing,  School  of  Engineer ing,  Amrita  V ishwa

Vidyapeetham, Coimbatore.  She received her  B.  Tech ( Information

Technology)  from PSNA Col lege of  Engineer ing and Technology,  Dindigul ,  and

M.E degree (Computer  Sc ience and Engineer ing)  from RVS Col lege of

Engineer ing and Technology,  Dindigul .  She is  current ly  pursuing a doctoral

study in  Computer  Sc ience and Engineer ing,  Amrita  School  of  Engineer ing,

Coimbatore.  Her research area inc ludes Cloud Computing and Machine

Learning.

https://www.amrita.edu/faculty/t-deepika
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Ms. Aswathi  T

Short Biography:
Aswathi  T .  is  an Assistant  Professor in  the Department of  Computer  Sc ience

and Engineer ing at  Amrita  School  of  Engineer ing,  Amrita  V ishwa

Vidyapeetham Univers i ty  –  Coimbatore.  She graduated with Post-Graduat ion

in Computer  Sc ience and Communicat ion Engineer ing from VIT Univers i ty

Vel lore and Under-Graduat ion in  Computer  sc ience and Engineer ing form

Univers i ty  of  Cal icut .  She is  pursuing her  Ph.D.  from the Amrita  Vishwa

Vidyapeetham Univers i ty  –  Coimbatore.  Her research area of  interest

inc ludes Machine learning,  Deep Learning,  and Medical  image processing.

https://www.amrita.edu/faculty/aswathi-t

Assistant Professor Jeena Kleenankandy

Short Biography:
Ms. Jeena Kleenankandy is  a  Faculty  Associate in  the Department of

Computer  Sc ience and Engineer ing at  Amrita  School  of  Engineer ing,  Amrita

Vishwa Vidyapeetham Univers i ty  –  Coimbatore.  She has completed her

research work under Dr.  K  A Abdul  Nazeer in  the Department of  Computer

Science and Engineer ing,  NIT Cal icut  and is  wait ing for  her  f inal  examinat ion.

Her current  research interest  is  in  Deep Learning and Natural  Language

Processing focusing on i ts  appl icat ion in  var ious cross-domains.

https://www.amrita.edu/faculty/jeena-kleenankandy
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Soorya S, CB.EN.U4CSE19352
V.Nithin Krishna, CB.EN.U4CSE19360
Pavani G, CB.EN.U4CSE19344

Editors: (CSE D II Year)

Sai Priyadarshini, CB.EN.U4CSE17250 (IV Year) 
Adithi Narayanan, CB.EN.U4CSE18205 (III Year) 
Roopa Vidhya, CB.EN.U4CSE18143 (III Year)
Nirmal K, CB.EN.U4CSE19038 (II Year)
Sumithra S, CB.EN.U4CSE19247 (II Year)
Mahima Lolla, CB.EN.U4CSE19128 (II Year)
Varadharajan K, CB.EN.U4CSE19257 (II Year)

ASCII executive members

Dr. D. Venkataraman 
Mrs. T. Bagyammal 
Ms. Jeena

Faculty coordinators

Team at work :


